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Abstract. This research investigates how responsibility evolves when artificial 
intelligence (AI) systems influence or dictate decision-making processes. As AI 
becomes integral in various domains, from healthcare to autonomous systems, its 
role challenges traditional notions of responsibility. The study highlights the "re-
sponsibility gap," where accountability diffuses among developers, users, and or-
ganizations due to AI’s autonomous decision-making capabilities. By incorpo-
rating affective agency, we explore how responsibility emerges as a relational 
construct shaped by human, technological, and contextual interactions. Leverag-
ing qualitative interviews with experts across sectors, this research examines re-
sponsibility emerging from relational agency in human–AI collaboration. Find-
ings emphasize the dynamic interplay between human oversight, affective 
agency, and digital autonomy, contributing to mechanisms for clear accountabil-
ity. By addressing this gap, the study supports the development of responsible 
and transparent AI systems aligned with societal values. 
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1 Introduction 

The use of AI systems for decision support and decision-making has increased expo-
nentially in recent years and now permeates almost all areas of life—from everyday 
processes such as personalized recommendations in online retail to safety-critical fields 
such as healthcare and autonomous driving (Razmetaeva & Satokhina, 2022). AI sys-
tems promise to significantly increase the efficiency and accuracy of human decisions. 
At the same time, however, “human decision making and management […] is increas-
ingly conditioned by AI and algorithms” (Fischer et al., 2023, p. 230), which under-
scores the growing reliance on and relevance of AI systems organisational contexts 
(Jöhnk et al. 2021). 



 

 

Yet, the current discourse remains inconclusive regarding the ultimate responsibility 
if an AI system significantly influences a decision or even makes it autonomously. This 
question is discussed under the term “responsibility gap,” as it is often difficult to assign 
blame clearly when no single person has full control over the outcome (Dong & Bocian, 
2024). The responsibility gap refers to the difficulty of attributing moral or legal ac-
countability to a single actor, given that AI systems often operate autonomously and 
beyond direct human control or knowledge (Smith et al., 2023; Berente et al., 2021). 
This phenomenon becomes particularly evident with autonomous systems, such as self-
driving cars or autonomous weapon systems (Vallor & Bekey, 2017; Zeiser 2024), 
which can make decisions without the possibility of direct human intervention. In the 
healthcare sector, for instance, responsibility is shared among developers of AI systems, 
the medical staff, and the hospital as an institution, rendering problems regarding the 
clear determination of who is accountable for errors (Bleher & Braun, 2022; Taylor, 
2024a). Despite these remaining issues of AI systems acting autonomously, scholars 
generally accepted that final responsibility lies with the human actor (Krügel et al., 
2024). 

In an attempt to bridge the responsibility gap, we need to further examine the rela-
tionship between users and AI systems. In this regard, we approach human–AI interac-
tions and the responsibility problem by focusing on how agency emerges through rela-
tionships and interdependencies between humans and technologies. Specifically, we 
consider the role of affective agency since it was found to influence the relationship 
between humans and technology (Pignot & Thompson, 2024). Emotional attachments 
with technologies foster a sense of responsibility for one’s own actions or their conse-
quences and influence behaviour—for example, in environmentally conscious deci-
sions (Antonetti & Maklan, 2014). This supports the assumption that responsibility is 
not purely cognitive but is strongly shaped by relational and affective dimensions. Pa-
pagiannidis et al. (2025) highlight that responsible AI governance directs attention to 
the role of human agency in the interpretation and use of AI systems. Relational and 
affective agency thus form the foundation for rethinking responsibility. Responsibility 
is directly tied to agency since the capacity to act is a prerequisite for the attribution of 
responsibility (Schatzki, 2025). In this regard, we focus on personal, moral, and legal 
responsibility related to organizational decision-making processes influenced by AI. 

Building on these considerations, the present study examines the following research 
question: How does responsibility change when AI systems influence or prescribe de-
cisions? To address this problem, we conduct qualitative interviews with experts from 
fields such as law, ethics, healthcare and technology. These perspectives will offer in-
depth insights into the relationally affected responsibility attributed when AI systems 
shape or prescribe decisions. Our findings explain how affective positionalities toward 
AI (e.g., scepticism and trust) bridge the responsibility gap. 



 

 

2 Background 

2.1 Responsibility Gap in Human–AI Collaboration 

The rapid integration of AI into organizational decision-making and service processes 
has sparked intensive debate about responsibility for AI-driven outcomes (Mikalef et 
al., 2022). As AI systems grow more autonomous, they do not merely function as pas-
sive tools but actively shape actions and decisions, sometimes in ways that even devel-
opers and users do not fully anticipate (Berente et al., 2021). This has led research to 
introduce the concept of a responsibility gap, highlighting the difficulty in assigning 
responsibility for actions that arise from AI systems operating beyond direct human 
control (Lüthi et al., 2023). Recent research on responsibility attribution in AI systems 
underlines how traditional models of accountability often fall short (Huang & Suang, 
2024). Specifically, two unresolved normative debates are at play. First, whether AI 
itself should be considered a legitimate responsibility holder or viewed exclusively as 
a tool. Some argue that AI systems might be treated as “legal persons,” analogous to 
corporate entities (Gervais & Nay, 2023), whereas others stress that AI lacks true moral 
agency if it does not fulfil fundamental conditions like full awareness of its actions 
(Coeckelbergh, 2020). Second, responsibility for an AI’s behaviour may be distributed 
across multiple actors—developers, adopting organizations, frontline employees, and 
end users—leading to so-called “many-hands” problems when failure or harm occurs 
(de Sio & Mecacci, 2021). Beyond these theoretical debates, empirical studies show 
that human–AI collaborations in real-world scenarios produce considerable ambiguity 
in day-to-day work settings. As AI shapes decisions, both domain experts and data sci-
entists may find themselves unsure how to interpret or justify AI outputs (Thuis et al., 
2023). This uncertainty is compounded by the black box features of machine learning 
models (Kim et al., 2023), limiting the ability to trace or challenge algorithmic reason-
ing. Thus, “human decision-making and management […] is increasingly conditioned 
by AI and algorithms” (Fischer et al., 2023, p. 230), but corresponding responsibility 
structures remain ill-defined.  

AI’s capacity for adaptive learning and automation is the key driver of this respon-
sibility gap. Autonomy, in this sense, does not imply complete independence from hu-
man oversight but rather the system’s ability to act on complex data patterns in ways 
not fully pre-scripted by developers (Berente et al., 2021). Especially in safety-critical 
or high-stakes contexts like healthcare, finance, and autonomous driving, these auton-
omous decisions may carry ethical and legal implications (Li et al., 2024; Huang & 
Suang, 2024). As tasks formerly performed by human agents transition to AI, the locus 
of control and accountability often becomes blurred. Field studies illustrate that after 
such task shifts, organizational actors may struggle with the interpretability of AI rec-
ommendations and feel unable to “own” decisions, while data scientists may, in turn, 
feel they have produced only a model rather than a final judgment (Thuis et al., 2023). 
Such fragmentation intensifies the responsibility gap, as no single actor feels properly 
equipped or authorized to take responsibility for the AI’s eventual behaviour. Possible 
approaches include establishing organisational responsibility for independent AI sys-
tems (Chen et al., 2023). 



 

 

Research emphasizes that ethical and societal concerns related to AI-assisted deci-
sion-making. AI's involvement in critical decision contexts—such as healthcare diag-
nostics, judicial decisions, or autonomous driving—raises ethical challenges, notably 
issues of fairness, transparency, explainability, and potential biases inherent in the data 
(Mittelstadt, 2019). These concerns extend beyond individual accountability to include 
broader societal risks, such as reinforcing existing societal biases, increasing inequality, 
and diminishing trust in institutions (Floridi et al., 2020; Kellogg, Valentine & Christin, 
2020). Thus, the ethics discourse calls for comprehensive governance frameworks and 
guidelines tailored explicitly to manage the societal risks and ethical implications asso-
ciated with deploying AI systems, especially in high-stakes scenarios (Floridi & Cowls, 
2019; Jobin, Ienca & Vayena, 2019). 

In sum, the increasing autonomy of AI leads to a reconfiguration of decision author-
ity and accountability. The responsibility gap emerges precisely because traditional 
frameworks assume a single identifiable decision-maker, whereas AI challenges those 
assumptions by adding new “actors” and redistributing the conditions for moral and 
legal responsibility (Coeckelbergh, 2020). Against this backdrop, it is imperative that 
future governance must explicitly account for both the technical complexity and the 
human–organizational interplay to foster ethically and legally sound AI adoption. 

2.2 Affective and Relational Agency 

Sociomateriality emphasizes the inseparability of technology and social practices, high-
lighting their mutual constitution in organizational life (Orlikowski & Scott, 2008; 
Niemimaa, 2016). Therefore, the sociomaterial perspective is well-suited to examine 
the responsibility at the fringe of human–AI collaboration. In the sociomaterial tradi-
tion, social and material actors are co-constitutive for phenomena in the world. This 
perspective is grounded in agential realism, which focuses on how agency emerges 
from dynamic entanglements of humans, artifacts, and broader contexts (Weber, 2020; 
Liang & Weber, 2024). Within such entanglements, the notion of ‘relational agency’ 
—the capacity for action that arises through relations and interdependencies rather than 
isolated actors—states that responsibility cannot be allocated simply by parsing human 
versus machine contributions. Agency arises collectively in the interaction of socio-
material actors (Liang & Weber, 2024). Affective agency introduces an additional facet, 
demonstrating that decisions are often influenced by unconscious motives and affective 
positionalities (e.g., emotions or personal opinions). Furthermore, Pignot & Thompson 
(2024) complement this view with the concept of negative ontology, emphasizing that 
agency arises from a lack. In other words, decisions result from a web of interconnected 
influences, in which machines and humans alike co-condition outcomes. Individuals 
may also identify with artifacts or social structures to address experiences of ‘lack’ or 
misrecognition (Laclau, 2000; Epstein, 2018), imbuing technologies with moral signif-
icance, especially if the systems appear fair or autonomous. Schatzki (2025) expands 
this idea by describing agency as a nexus of actions, effects, and intentions across hu-
man and non-human actors. In such distributed networks, responsibilities become 
blurred since each participant’s activity is inseparable from that of others. Digital tech-
nologies increasingly act as quasi-autonomous agents, taking on tasks and judgments 



 

 

once limited to humans (Ågerfalk 2020; Fischer et al., 2023). Emotional factors are 
central to these dynamics: Decisions emerge not solely from reasoned deliberation but 
also from affective positionality—individuals’ emotional orientations toward technol-
ogy—and relational attachments to technology (Pignot & Thompson, 2024). 

This relational focus resonates with findings that AI does not fully supplant human 
intelligence or moral decision-making. Rather, humans integrate or resist AI outputs 
based on perceptions of risk, trust, and the system’s inscrutability (Baroni et al., 2022). 
Affective attachments, however, can strengthen a sense of responsibility, for instance, 
in environmentally conscious behaviour (Antonetti & Maklan, 2014) or foster blame-
shifting if technologies seem too opaque or invasive. Consequently, responsibility in 
AI-assisted contexts hinges on sociomaterial entanglements, where humans, algo-
rithms, and institutional structures jointly configure what counts as responsible action. 

In short, relational agency argues AI-assisted decisions are co-constituted by tech-
nical artifacts and human subjectivities. As AI evolves beyond mere tools, clarifying 
responsibility demands close attention to how affect, subjectivity, and context shape 
the ways humans adopt, interpret, or challenge algorithmic outputs. This highlights why 
attributing accountability cannot be reduced to simple human-versus-machine dichoto-
mies. Instead, it arises through the fluid interplay of people, practices, and technologies, 
each of which contributes to the ultimate moral, legal, and organizational consequences 
of AI-driven processes. 

3 Research Design 

To address the research question, we conducted 20 semi-structured interviews (I1- I20) 
with experts who are professionally involved with AI. The primary criterion for inclu-
sion in this study was active engagement with AI systems in their respective work do-
mains to ensure a diverse and pertinent sample of users. To avoid biases of a single 
industry, a wide range of sectors was included: automotive, healthcare, telecommuni-
cations, IT, and outdoor sports. Interviews were conducted online between December 
2024 and January 2025, recorded, and transcribed with the interviewee’s permission. 
We grouped the interview questions into six parts1, including (1) demographics, (2) 
responsibility in general, (3) the influence of AI on the decision-making process, (4) 
affective dimensions of responsibility, (5) diffusion and attribution of responsibility, 
and (6) technical aspects and understanding of AI. The sample of interviewees includes 
13 men and 7 women, aging from 24 to 47. The interviewees took 32 minutes on aver-
age. German interview transcripts were translated before analysis. 

We used techniques of the grounded theory methodology (Gioia et al., 2013) to an-
alyse the interviews while incorporating agency and responsibility as sensitizing con-
cepts (Blumer, 1954; Goldkuhl & Cronholm, 2019). To this end, we first performed 
inductive open coding to gain an overview of all relevant data using MAXQDA 2024. 
The open codes were grouped into first-order concepts and then were successively 
grouped into second-order themes. The second-order codes were discussed among the 

 
1 Please, find a list of the interviewees and all questions in the online appendix: 

https://osf.io/4nsy6/files/osfstorage?view_only=39dbf36da87a47b18ed6e9bf6e8d5195  



 

 

authors until agreement was reached. We then subsumed second-order themes into four 
aggregated dimensions, namely (1) human-AI relationship and acceptance, (2) regula-
tion and governance, (3) responsibility and control, and (4) processes and challenges 
(see Table 1 for the data structure). While responsibility is our primary theoretical and 
literature-backed concept, notions of transparency, trust, ethics, and accountability 
were identified as subordinate or related to responsibility by the interviewees. That is, 
these notions are not grounded in literature but inferred from the data. 

4 Findings 

Table 1. Data structure. 

First-order code Second-order code Aggregated 
dimension 

Self-Assessment of Responsibility, Will-
ingness to Assume Responsibility, Aware-
ness of Responsibility, Feeling of Respon-
sibility 

Responsibility and Personal Attitude Human-AI-
Relationship 

and  
Acceptance 

Perceived autonomy of AI, Emotional In-
teraction with AI, Human-Machine Symbi-
osis, Human-Machine Interaction, Change 
in the Type of Interaction, Autonomy vs 
Support 

Human-AI-Interaction 

Emotional Interaction with AI Acceptance and Trust 
Trust in AI, Uncertainty about AI Func-
tion, Transparency + Traceability, Trans-
parency of AI Technology, Transparency 
Requirements 

Transparency Regulation 
and  

Governance 
Risk Assessment, Normative Influences, 
Ethical Implications, Ethical Concerns Ethics 
Liability Issues, Accountability, Regula-
tory Framework, Governance Structures Regulation and Governance 
Situation of Responsibility, Responsibility 
in the Workplace Responsibility at the Workplace  Responsibil-

ity and  
Control 

Assumption of Responsibility, Attribution 
of Responsibility, Transfer of Responsibil-
ity, Degree of Responsibility 

Duty of Care 
AI-Regulation, Controllability, Control 
Mechanisms Control 
Technology Acceptance, Influence, Syn-
ergy Effect, Understanding of Roles, Role 
of AI 

Understanding of Roles Processes 
and  

Challenges 
Barriers to Use, Technological Scepticism Technological Challenges 
Decision-Making Process, Rationality vs 
Intuition, Adaptive Decision-Making Be-
havior, Rationality vs Emotionality 

Decision-Making Processes 

4.1 Human-AI Relationship and Acceptance 

Most interviewees indicate that their ideal scenario would relieve them of laborious 
data analysis while keeping final control in their hands. They observe two main shifts 
in responsibility following the use of AI systems: first, greater awareness of the need 
to validate and interpret AI outputs, and second, new grey areas concerning potentially 
severe consequences of incorrect inputs or unquestioned acceptance (I5, 189–193; I8, 
168–171). As a result, personal responsibility grows since one cannot simply say, “The 
AI said so.” Only in scenarios where algorithms operate almost entirely on their own 



 

 

responsibility would we undergo a more profound change. Despite AI’s influence, par-
ticipants widely agree that responsibility remains a primarily human affair. At the same 
time, interviewees call for more transparency, explainability, and ethical compliance—
initiating a call for a shared yet not fully transferred responsibility among developers, 
users, and organizations. 

Nevertheless, most respondents stay “accountable” for decisions, defining the AI’s 
scope and input and facing any failures. Rather than a reduction of responsibility, this 
leads to what many call a recalibration—or sometimes an intensification—of account-
ability. Interviewees highlight that responsibility implies both acknowledging mistakes 
and contributing to successes: “living with the consequences” (I3, 19–27) and “standing 
up for one's actions” (I5, 15–22). In the words of I6, reliability is pivotal:  

“For me, taking responsibility means that people can rely on me, and I can say 
with a clear conscience: ‘This is my result’ or ‘give me the task, I can do it, ’ 
and I have the confidence to do so. […] I would say very similar to what I have 
already said: in my position, a lot about gathering and passing on information. 
Especially escalation is often a lot of pressure, a lot of stress. I try to pay atten-
tion to people and not just say ‘just do it now’, but also see what their needs are 
but also, to see what their needs are, how can I help?” (I6, 29—37, telecommu-
nications).  

Meanwhile, I10 (33–36) underscores that to prove oneself responsible, one must 
work “cleanly and properly at the right time” to establish credibility. Many want to 
reaffirm their role as accountable actors in the face of AI support. Most perceive AI 
primarily as a tool for minor technical tasks or inspiration (I6, 42–49), with I5 (151–
157) describing it as a “second opinion” rather than an autonomous agent. In I8 (66–
74), AI is used to summarize papers, but the person ultimately decides which option 
makes sense. Only rarely do participants see AI taking the lead by itself. A recurring 
image is that AI acts like a “sparring partner” (I8, 113–116), providing data analyses or 
new ideas but leaving final authority to the human user. 

4.2 Regulation and Governance 

Most interviewees, especially in fields like healthcare or highly automated sectors, want 
maximum transparency from AI systems, highlighting transparency as key to assigning 
responsibility. I2 (126–127) calls for “the greatest possible transparency,” I5 (223–227) 
approves that tools like ChatGPT now partially provide sources, and I6 (128–131) de-
mands open data disclosure and explanations of how AI arrives at its output. I14 (342–
358) stresses that people must at least grasp how data is weighted, noting that purely 
abstract formulas can breed scepticism. Lack of explainability can also undermine the 
sense of responsibility, as I2 (94–98) describes greater reluctance to use unchecked AI 
suggestions, and I4 (141–147) warns about the risk of blind trust. Others, like I8 (137–
141) or I1 (137–140), see opacity as a spur to double-check results. The central insight 
is that AI usage often heightens critical scrutiny rather than diluting responsibility—
particularly for individuals who understand the potential for AI’s errors and remain 
cautious about relying on algorithmic outputs. I14 summarizes: 



 

 

“If an error occurs, it is up to us to ensure that the AI was used correctly, the 
data was accurate, and the decisions are ethical. This means that even when AI 
is used, humans still bear the ultimate responsibility. AI can support us, but we 
must ensure that its recommendations make sense and are in line with our goals 
and values […].” (I14, 264–276, healthcare) 

I5 (189–193) gives two reasons for this continuing human accountability: actively 
choosing to use AI and being responsible for how one queries (prompts) the tool. Only 
with fully autonomous systems does the question arise of whether developers or oper-
ators bear greater responsibility. I6 (114–118) criticizes a lack of ethics and data pro-
tection guidelines, while others argue that developers must help ensure reliability and 
ethics but cannot be liable for all use cases (I5, 194–199; I7, 388–397). I8 suggests that 
developers at least highlight limitations via a “warning notice”:  

“I think the developers often don't want you to use AI as the ultimate decision-
making authority because they themselves know that the system can make mis-
takes, of course it's a business model, but serious developers generally issue 
warnings that you shouldn't accept the results without checking them. They can-
not take responsibility for every possible application because they do not know 
the context of use.” (I8, 180–183, environmental sector) 

Although a few respondents worry about blame-shifting to AI in ethical lapses, most 
believe workplace norms and supervisory oversight would prevent excusing bad deci-
sions on unverified outputs (e.g., I7; I3; I14). 

4.3 Responsibility and Control 

Although interviewees have varying focal points—product vs. team responsibility (I4, 
19–23), team management (I4, 19–23), or customer focus (I7, 39–49)—all emphasize 
accountability for consequences (I2, 18–25; I18, 57–65). This holds true even with AI 
in the mix. Developers must uphold ethical standards and transparency but cannot be 
blamed for system misuse by others (I7, 388–397; I6, 114–118; I5, 194–199). Inter-
viewees call for stronger legal regulations—especially for data protection and algorith-
mic transparency (e.g., I6; I16)—since the current regulatory gap means that, in prac-
tice, responsibility still lies with the humans who implement decisions. 

AI does not absolve respondents from responsibility; rather, they incur an additional 
meta-level: they must not only account for decisions but also justify how AI was used, 
which data were input, and whether the algorithm’s output was critically examined. 
This “expanded responsibility” emerges in statements like I10’s: 

“That I carry out the tasks assigned to me – especially because it is in the 
healthcare sector and can have a direct impact on patients as it involves X-ray 
equipment – in a clean, tidy, responsible manner and also handle them respon-
sibly. […] For example, when I evaluate images and present the data, where the 
sources of error are, then you have to work very precisely and properly” (I10, 
38–45, healthcare). 

Although some foresee a future where advanced AI automates large data analyses 
with minimal human intervention (I16, 145–156), they note that errors remain the user’s 
responsibility unless comprehensive new regulations emerge (I6, 114–118). I18 (264–



 

 

273) adds that “one could certainly hide behind AI,” but once mistakes occur, people 
ask why proper verification was not done. A shared awareness thus arises: AI can 
streamline workloads, but its recommendations only work as well as the data and the 
user’s critical review. Interviewees advocate assigning AI to repetitive, objective tasks 
while sensitive decisions remain under human judgment (e.g., I3; I8). A respondent in 
I15 (136–148) highlights AI’s value in supply chain management to make forecasts 
more efficient, yet management still decides how to implement or correct those fore-
casts. 

In sum, responsibility in the workplace fundamentally rests on bearing the conse-
quences of one’s decisions—AI-mediated or not. Because most rely on AI mainly as 
an analytical aid rather than a sole decision-maker, humans remain responsible. And 
while uncertainty about AI’s internal mechanisms persists, it often spurs caution and 
critical engagement rather than eroding responsibility. 

4.4 Processes and Challenges 

The interviews reveal a nuanced understanding of the roles that AI and humans play 
in decision-making processes. I4 recognizes that while AI is often seen as highly prag-
matic and data-driven, it struggles to account for emotional values or empathy:  

“I have the feeling that the decision made by AI is probably much more prag-
matic or data-based than a decision that only I would make. So, I would assume 
that no emotions in that sense are involved at first.” (I4, 60–62, energy) 

This distinction becomes particularly relevant in contexts where political considera-
tions or management decisions require balancing human sensitivities (I3, 59–62). In 
such cases, AI may support processes but cannot replace the human perspective. A key 
finding concerns the shifting of responsibility when AI is integrated into decision-mak-
ing. The results indicate an ambivalence: on the one hand, AI can lead to a partial re-
linquishment of responsibility; on the other hand, it can reinforce users' sense of ac-
countability. One interviewee (I3, 142–150) described how AI-assisted decision-mak-
ing might enable her to "relinquish some of my own responsibility" because she could 
"rely on the machine." However, others (I8, 137–141; I4, 133–140) stated that precisely 
because of the uncertainty about how AI works, they feel an even greater need to scru-
tinize AI-generated recommendations, which ultimately increases their perceived re-
sponsibility. This dual effect aligns with answers of I15 (222–237), where respondents 
with higher technical expertise reported feeling more motivated to critically assess AI 
outputs. At the same time, they suspected that others, particularly those with less tech-
nical knowledge, might trust AI-generated results without thorough verification. These 
insights highlight the importance of human oversight in AI-assisted decision-making. 
The dataset consistently underscores the necessity of keeping a "human in the loop" 
(I7, 340–347): “Not for me personally now, because I am still responsible for my result. 
I can't say: ‘It was the AI.’ Then it would be: ‘Why didn't you test it beforehand?’ […]”. 
Many interviewees emphasized that AI systems should not operate entirely autono-
mously, even if they offer efficiency gains. Instead, they saw it as their duty to supervise 
AI-supported processes to ensure reliability and accountability. The notion that respon-
sibility expands rather than diminishes with AI use is particularly evident in I8. One 



 

 

respondent stated: 
"Me, 100%. It's just a tool, just like an IDE or any other program. If I rely on it, 
it's my responsibility if something goes wrong. […] For me, it always solely lies 
with me. I can’t make the AI tool responsible for anything because it only makes 
suggestions. […] It clearly lies with me or the person leading the project. AI is 
only a support tool." (I8, 169–179, environmental sector) 

Beyond the decision-making process itself, some respondents stressed that respon-
sibility also extends to input quality and the evaluation of AI-generated responses (I5, 
189–193). This further reinforces the view that AI does not diminish human accounta-
bility but rather requires users to adopt a more reflective and active role in overseeing 
its use. Additionally, while AI is highly valued for its ability to process large amounts 
of data, its interpretation and the overall process remain firmly within the human sphere 
of responsibility (I14, 150–161). Particularly in areas where empathy, ethical consider-
ations, or emotional aspects play a role, interviewees emphasized their duty to make 
the final decision (I3, 48–55; I18, 359–369). A recurring concern is that, despite its 
computational power, AI lacks contextual understanding, value-based reasoning, and 
an intuitive grasp of human complexities that are essential for responsible decision-
making.  

5 Discussion 

Interviewees emphasize their need to understand how AI operates and critically assess 
its outputs, emphasizing their relational perspective of agency (Pignot & Thompson, 
2024; Schatzki, 2025), captured by the aggregated dimension Human-AI Relationship 
and Acceptance. While AI can produce sophisticated forecasts or recommendations, 
these gains only materialize through human interpretation and judgment. Rather than 
feeling relieved of responsibility, participants report an amplified sense of duty when 
relying on opaque or black box AI models. This resonates with the negative ontology 
perspective (Pignot & Thompson, 2024), where uncertainty fuels rather than diminishes 
accountability, which is reflected in the aggregated dimension Responsibility and Con-
trol. In other words, the awareness of AI’s complexity and potential biases drives peo-
ple to reaffirm their professional ethos, exemplifying the affective agency (cf. Pignot 
& Thompson, 2024). Nonetheless, the lure to shift blame to technology is not absent. 
Some respondents noted that ambiguous AI outputs might invite scapegoating if errors 
arise. Yet, their organizations appear to implement clear protocols preventing staff from 
“hiding behind AI,” reflecting the organization's commitment to Regulation and Gov-
ernance structures. This aligns with broader frameworks positing that moral or legal 
responsibility remains with human actors (Verdicchio and Perin, 2022). Indeed, a fully 
autonomous AI that obviates human oversight was not desired by any interviewee, sup-
porting calls for human-in-the-loop approaches to maintain human oversight (in line 
with Papagiannidis et al., 2025). In practice, respondents view AI tools as “sparring 
partners,” not as independent decision-makers, highlighting again the aggregated di-
mension of Human-AI Relationship and Acceptance This upholds traditional responsi-
bility models where a human or institution remains ultimately accountable (Champagne 



 

 

& Tonkens, 2015). The potential for collective, AI-driven responsibility is not observed 
in our data. Instead, the data reveal how developers and vendors share some responsi-
bilities—particularly around transparency, ethical standards, and traceability—but can-
not be held liable for every misuse, reflecting the aggregated dimensions of Responsi-
bility and Control as well as Regulation and Governance. This viewpoint aligns with 
arguments that manufacturers, operators, and end users collectively shape AI’s ethical 
landscape (Bleher & Braun, 2022). Respondents particularly advocate clearer regula-
tion and governance in critical domains like healthcare or autonomous driving (Müller, 
2023; Widdau & Zednik, 2022). Current legal frameworks—such as the European AI 
Act—promise to help close these gaps, but interviewees find them insufficiently har-
monized or binding. 

The findings show that AI is widely perceived as a supportive and expanding peo-
ple’s decision-making capabilities rather than supplanting them, captured by the aggre-
gated dimension of Human-AI Relationship and Acceptance. Most interviewees re-
ferred to AI systems such as large language models, such as ChatGPT, Perplexity, or 
Gemini. The hypothesized “responsibility gap” rarely surfaces in organizational prac-
tices because employees see themselves as answerable for both the choices they make 
and the ways they employ AI (aggregated dimension of Responsibility and Control). 
This outcome illustrates how technology broadens possibilities while leaving ethical 
and organizational accountability with human (Liang & Weber, 2024). Notably, the 
increased scrutiny, vigilance, and sense of accountability described by participants sug-
gest that adopting AI often heightens awareness of one’s professional and moral duties. 

From a theoretical stance, these results highlight how relational and affective agency 
(Pignot & Thompson, 2024; Schatzki, 2025) unfold in everyday AI usage. First, agency 
is distributed: developers, users, and AI systems co-create decisions. Second, affect and 
emotional responses—ranging from trust to scepticism—shape how individuals per-
ceive their responsibility. While many appreciate data-driven insights, they remain cau-
tious about errors creeping in. This tension reinforces the proposition that agency is 
never purely rational; it is conditioned by affect and unconscious motives as well. 
Moreover, interviewees do not advocate for removing human judgment from the loop; 
on the contrary, they express that final decisions should remain the responsibility of 
people trained to interpret AI outputs critically. This preference echoes broader respon-
sible AI frameworks, where technology serves as a powerful assistant but does not sup-
plant the ethical and interpretive roles of human decision-makers (Papagiannidis et al., 
2025), all within the aggregated dimension of Human-AI Relationship and Acceptance, 
though closely intertwined with elements of Responsibility and Control Regarding de-
velopers’ roles, respondents typically consider them “co-responsible” rather than solely 
liable. Calls for explainable AI (Barredo Arrieta et al., 2020; Hulsen, 2023) suggest that 
users want transparency to understand how AI systems operate. Yet, our respondents 
recognize that developers cannot anticipate all misuse scenarios. Instead, a multilayered 
governance model—encompassing design, deployment, and usage—is seen as key to 
establishing trust and accountability (aggregated dimension of Regulation and Govern-
ance).  

Figure 1 visualizes our theoretical contribution: We identify the negative ontology 
in AI’s black box nature and the lack of the users’ understanding. AI’s inscrutable and 



 

 

autonomous character has constituted the responsibility gap so far. We expand the prior 
understanding by explaining that users derive a sense of responsibility from the lack of 
understanding AI (i.e., negative ontology). The affective positionality toward AI that is 
conceptualized in the affective agency bridges the responsibility gap, explaining the 
change in responsibility. With respect to our RQ, the user’s sense of responsibility shifts 
from covering only their own decisions to encompassing AI’s output as well. The mod-
ified scope of responsibility to also include AI is driven by the affective positionality 
(i.e., scepticism and trust), which is engendered by the negative ontology imposed by 
the inscrutability of AI. 

 
Figure 1. Bridging the responsibility gap. 

Following the interviewees’ call for sharing some responsibility with developers and 
vendors, we invite future research to attend to this matter. It aligns well with the gene-
alogical approach proposed by Scott and Orlikowski (2025), which aims to uncover the 
sociomaterial origins of AI, potentially revealing responsibility in the development of 
AI systems. By studying how users, managers, and developers jointly navigate potential 
gaps, scholars and practitioners alike can better ensure responsible decision-making 
where the technological and the human remain in productive, accountable tension. 

6 Conclusion 

We explored how individuals assess responsibility in AI-assisted decisions, finding 
that responsibility does not simply shift away from humans but calls for new forms of 
critical engagement and oversight. Using a relational sociomaterial lens, our results 
show that (1) a negative ontology (emerging from uncertainty due to AI’s inscrutabil-
ity) and (2) affective positionalities (such as trust or scepticism) encourage deeper scru-
tiny of AI outputs and, in turn, bridge the responsibility gap. While agency is distributed 
across humans and technology, responsibility remains anchored in human oversight. In 
practice, organizations may establish clear role definitions and liability structures that 
enable this anchor across contexts. Fostering affective reflexivity through dedicated 
trainings enables critical engagement with AI outputs, encouraging practitioners to rec-
ognize and interrogate emotions such as trust or scepticism as integral to responsible 
human–AI collaboration. Our study, though limited in the number of respondents, un-
derscores that a responsible use of AI systems requires critical engagement and chal-
lenging AI’s outcomes.  
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