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Abstract. Many individuals lack timely access to psychological support, increas-
ing the demand for accessible digital interventions. Artificial intelligence (AI)-
based solutions, particularly chatbots, demonstrate potential as scalable comple-
ments to therapy. In response to the growing reliance on AI for psychological 
support and unverified self-diagnoses, this study introduces ELI, an AI-based 
therapeutic assistant, offering a scientifically grounded alternative. ELI aims to 
complement therapy and enhance well-being by enabling users to apply evi-
dence-based psychological strategies in daily life through real-time, low-thresh-
old support. Adopting a Design Science Research (DSR) approach, we conducted 
a comprehensive literature review and expert evaluations to derive six design ob-
jectives, integrating interdisciplinary insights from information systems, human-
computer interaction, and psychology. Our findings contribute design knowledge 
for AI-based therapeutic solutions, paving the way for broader applications, in-
cluding those in the workplace. This study marks the initial design cycle, forming 
the foundation for future evaluation and development within a continuous DSR 
process. 

Keywords: AI Therapeutics, Well-Being, Conversational Assistant, Design Ob-
jectives, Design Science Research 

1 Introduction 

Many individuals lack timely access to psychological support, fueling a growing de-
mand for online solutions and highlighting the need for reliable, effective, and accessi-
ble digital tools (WHO 2022). While professional treatment remains essential for diag-
nosable conditions, Artificial Intelligence (AI)-based solutions, particularly chatbots, 



offer promising complements to therapy by providing accessible, anonymous, cost-ef-
fective, and scalable support, before more severe conditions arise (Hegde 2025; Yo-
natan‐Leus & Brukner 2025).  

AI-based cognitive behavioral therapy (CBT) chatbots, for instance, have demon-
strated measurable efficacy in reducing depressive symptoms (He et al. 2022). Evi-
dence also suggests that generative AI may reduce self-disclosure barriers, offering less 
stigmatizing alternatives to human therapists (e.g., narcissistic individuals disclosed 
more to generative AI than to human therapists; Wang et al. 2024). The widespread 
reliance on AI (e.g., ChatGPT) for psychological advice (Song et al. 2024) and the 
growing trend of self-diagnosis on social media (Corzine & Roy 2024) highlight both 
increasing demand and risks of misinformation and lack of therapeutic grounding. 
These developments emphasize the need for scientifically validated, evidence-based AI 
solutions. 

This study refers to an AI-based therapeutic assistant as an interactive system that 
enables users to apply evidence-based psychological strategies in daily life through 
real-time, low-threshold support (Heron & Smyth, 2010). It focuses on well-being, a 
multidimensional construct that spans hedonic and eudaimonic perspectives (Gomes et 
al. 2023; Ryan & Deci 2001; Ryff 1989), overlaps with mental health perspectives 
(WHO 2025), and encompasses additional well-being-related constructs (Simons & 
Baldwin 2021). 

While existing solutions for AI-based therapeutic support are increasingly adopted 
and various design challenges are recognized (e.g., Ahmad et al. 2022; Shao 2023; 
Thunström et al. 2024), design elements remain fragmented across studies rather than 
being integrated into a comprehensive framework. Moreover, approaches often target 
specific conditions (Li et al. 2023) rather than broader well-being or hinder interdisci-
plinary knowledge transfer, as research tends to be either technically or psychologically 
oriented (Cho et al. 2023). This study addresses these gaps by integrating a broader 
synthesis of interdisciplinary theory and practical expertise into a systematic, evidence‐
based design for an AI-based therapeutic assistant to enhance well-being. We investi-
gate the central research question: 

RQ: How can an AI-based therapeutic assistant be designed to enhance well-be-
ing? 

Following a Design Science Research (DSR) approach (Hevner et al. 2004), this 
study develops and evaluates “ELI” (Empathic Listening Intelligence), a scientifically 
grounded, simulated prototype instantiated as an AI-based therapeutic assistant that fa-
cilitates speech interactions. DSR is particularly well-suited for developing AI-based 
therapeutic solutions due to its iterative cycles of design, evaluation, and refinement, 
ensuring both continuous improvement and a strong theoretical and practical founda-
tion. While empathic interaction represents a core strength, the name ELI was chosen 
for its friendly and human-like character to foster familiarity; its design extends beyond 
empathic responses to address six design objectives. This study contributes (1) six the-
ory-based design objectives informed by an integrative well-being perspective and re-
fined through expert input, (2) a simulated prototype demonstrating their instantiation, 
and (3) empirical insights, establishing a foundation for future development cycles and 
the implementation of a working prototype, as the focus of this design cycle is on the 



theoretical foundation and general design logic. The paper is structured as follows: Sec-
tion 2 reviews AI-based solutions for well-being; Section 3 presents the DSR method-
ology; Section 4 details design requirements, meta-requirements, and design objectives; 
Section 5 describes the instantiated prototype; Section 6 reports evaluation results; Sec-
tion 7 discusses implications and directions for future research; and Section 8 concludes 
the paper. 

2 Background 

Research on AI-based solutions to complement therapy and enhance well-being has 
expanded across disciplines, especially information systems, human-computer interac-
tion, and psychology (Biswas 2023; D’Alfonso 2020; Shen et al. 2022; Stephanidis et 
al. 2019). CBT techniques and psychoeducation are widely used to provide evidence-
based psychological support, enhance therapeutic adherence, and enable scalable inter-
ventions (He et al. 2023; Sadeh-Sharvit et al. 2023). In professional contexts, solutions 
like “mindline at work” support self-reflection and problem-solving, helping to mitigate 
stress and burnout (Yoon et al. 2024). Despite their potential, current designs remain 
fragmented, often target specific conditions (Li et al., 2023), and limit interdisciplinary 
knowledge sharing (Cho et al. 2023). While some focus on empathy and trust (e.g., 
Shao 2023), others prioritize personalization and adaptive interventions (e.g., Ahmad 
et al. 2022). At the same time,  ethical challenges such as transparency and communi-
cating AI limitations are often addressed as afterthoughts (Rahsepar Mead et al. 2025). 

For well-being, despite extensive scholarly attention, no universally accepted defi-
nition exists (Gomes et al. 2023; Simons & Baldwin 2021). Well-being is widely re-
garded as a multidimensional construct, distinguishing between hedonic (positive af-
fect, low negative affect, life satisfaction – often referred to as subjective well-being) 
and eudaimonic (personal growth, purpose, self-realization) perspectives (Gomes et al. 
2023; Ryan & Deci 2001; Ryff 1989). The WHO (2025) further highlights the overlap 
between well-being and mental health, defining mental health as a state of well-being 
that includes functional, emotional, and social capacities. Recent literature increasingly 
recognizes the interconnectedness of different perspectives on well-being (Martela & 
Sheldon 2019; VanderWeele 2017); in addition, Simons & Baldwin (2021) illustrate a 
concept map of terms applied to well-being, showing overlaps with constructs such as 
(mental) health, resilience, anxiety, depression, burnout, and flourishing.  

Against this backdrop, the research question guiding this study is informed by an 
integrative approach to design for well-being. By integrating interdisciplinary, multidi-
mensional well-being perspectives at the requirement level, this study contributes to 
extending design knowledge for AI-based therapeutic assistants beyond condition-spe-
cific interventions. The system enables evidence-based strategies in daily contexts 
through real-time, low-threshold conversational support; thus, incorporating principles 
of “Ecological Momentary Interventions” (Heron & Smyth, 2010). These have been 
shown to reduce stress, enhance resilience, and sustain behavioral change by delivering 
adaptive, context-aware support in real-world settings (Amo & Lieder 2025). 



3 Design Science Research Approach 

To gain design knowledge for implementing an AI-based therapeutic assistant that en-
hances well-being, this study adopts a DSR approach (Hevner et al. 2004). Our ap-
proach builds on the DSR process model by Sonnenberg & Vom Brocke (2012) and 
subsequent work by Diederich et al. (2020), adapted to our needs. In the first design 
cycle, as illustrated in Figure 1, we completed the following steps: (1) Justified the 
research problem; (2) Explored design requirements; (3) Mapping problem-oriented 
design requirements to abstract design goals (meta-requirements), translating these into 
operational system behaviors (design objectives); (4) Evaluated the design objectives; 
(5) Instantiated design objectives in a simulated prototype; (6) Evaluated the simulated 
prototype; (7) Refined the simulated prototype; and (8) Conducted a summative evalu-
ation of the final simulated prototype through an expert survey. The feedback through 
the summative evaluation shall validate the simulated prototype, laying the groundwork 
for implementing a working prototype. This contribution represents the first design cy-
cle in an ongoing process aimed at (1) providing a solution to the identified problem 
outlined in the introduction, (2) deriving general design objectives to guide future pro-
jects, and (3) presenting a simulated prototype and design foundation for further vali-
dation in subsequent iterations. Our approach emphasizes relevant and rigorous artifact 
development through iterative design and evaluation cycles. Future research will pro-
ceed in alignment with the next steps in the DSR process. 

 

Figure 1. Design Science-based Research Approach 
 
Our process began in December 2024. Guided by Maedche et al. (2019), awareness 

of the problem became imminent by seeing the need of many people seeking psycho-
logical help and not receiving it on time. A systematic literature review and workshop 
with psychologists confirmed the research need for innovative information systems to 
enhance well-being and identified relevant requirements for an AI-based therapeutic 
assistant. Following Vom Brocke et al. (2015), a sequential literature search was con-
ducted to identify relevant articles early in the review process. Bibliographic databases 
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were searched using an iteratively developed keyword-based search string, refined 
through multiple iterations to ensure relevance. The final search string was: 

("therapy" OR "therapist" OR "psychologist" OR "counseling") AND ("conversa-
tional AI" OR "ChatGPT" OR "virtual assistant" OR "dialogue system" OR "chatbot" 
OR "Artificial Intelligence" OR "AI") AND ("mental health" OR "well-being" OR "emo-
tional support" OR "psychological support" OR "psychological resilience"). 

We conducted a comprehensive search across major academic databases, retrieving 
640 articles: Scopus (309), ScienceDirect (42), Web of Science (25), PubMed (181), 
and SpringerLink (46). Additionally, 37 articles were extracted by screening Google 
Scholar to capture the most recent developments (published since 2024). Inclusion cri-
teria focused on peer-reviewed articles at the intersection of psychology and infor-
mation systems, published in English between 2022 and January 2025. This timeframe 
reflects the emergence of large language models (LLMs) like ChatGPT in 2022 and the 
growing interest in AI-psychotherapy intersections. To ensure objectivity, multiple re-
searchers oversaw the search process. Different database-specific search notations were 
applied (supplementary data (1) is available for online access via: https://s.academic-
cloud.de/Hqsf2X), and filters were aligned with the stated inclusion criteria. All 638 
articles were available either openly or through institutional access. We removed 16 
duplicates, leaving 622 articles for further consideration, and screened the titles and 
tables of contents, excluding 379 articles. Of the remaining 243, we screened the ab-
stract for relevance,  narrowing the selection to 162. Finally, a full-text screening was 
performed on the remaining articles. To avoid redundancy, we focused on the most 
relevant findings, ultimately selecting 73 articles from which requirements were ex-
tracted. 

To complement the literature-derived requirements, additional insights were gath-
ered through an expert workshop. Experts were recruited via an internal psychologist 
network. Five participants, aged 24 to 33, were selected based on their diverse psycho-
therapy expertise. The 60-minute workshop began with an introduction to the study’s 
aim, followed by a brainstorming session to identify requirements and a group discus-
sion to refine and evaluate these. Key points were documented collaboratively using 
Microsoft Whiteboard, and saturation was achieved as no new requirements emerged. 
While many findings overlapped with the literature, two novel additions complemented 
the final requirements matrix. 

From the final requirements, seven meta-requirements (MRs) and six design objec-
tives (DOs) were derived by the researchers following the anatomy of Gregor et al. 
(2020) and the structure of Stattkus et al. (2024).  

In the iterative evaluation phase, the same workshop participants reviewed the DOs 
in focus groups, as guided by Myers & Newman (2007), discussing challenges and 
good practices as well as implementation goals. While providing valuable practical in-
sights, this resulted in only minor adjustments in the MRs and DOs (Section 4; Figure 
2). In the subsequent iteration, the six DOs were instantiated into a video-based, simu-
lated prototype. This prototype was presented to the same experts, who provided feed-
back for modifications, again, in the form of focus groups. The feedback was incorpo-
rated into a revised simulated prototype (details on how the DOs were instantiated, 
including expert feedback, see Section 5). 

https://s.academiccloud.de/Hqsf2X
https://s.academiccloud.de/Hqsf2X


The updated version underwent a summative evaluation (Section 6) through an ex-
pert survey to gather feedback for subsequent design cycles. From the results of the 
summative evaluation, we derive findings that provide a basis for creating shared un-
derstandings of ELI and for implementing a working prototype in the next design cycle. 
The evaluation was conducted through an expert survey via Microsoft Forms from 
18.02.2025 to 06.03.2025, with 18 professionals in the field of psychology recruited 
from an internal network of psychologists. The survey was preceded by a pre-test with 
eight researchers in the HCAI field, conducted to ascertain the comprehensibility of the 
questionnaire as well as its validity, indicating good internal consistency. The pretest 
resulted in minor adjustments. The final expert survey began with a presentation of the 
simulated prototype to the experts, followed by demographic questions, an attention 
check, and a combination of closed and open questions to evaluate ELI. The closed 
questions utilized well-established scales for the fulfillment of the derived DOs, which 
variables achieved Cronbach’s alpha values of 0.65 to 0.864; thus, reliable results can 
be assumed (Blanz 2021). In addition to the quantitative measurements, we included 
open-ended questions to enrich and refine the DOs and to derive further insights con-
cerning positive aspects and areas for improvement.  

This first design cycle delivers theoretical grounding, traceable design logic, and an 
empirically validated simulated prototype for future development. 

4 Design Requirements, Meta-Requirements, and Design 
Objectives 

The literature review and expert workshop identified 15 requirements (supplementary 
data (2) is available for online access via: https://s.academiccloud.de/Hqsf2X). These 
were synthesized into seven MRs and six DOs (Figure 2). 

MR1 and DO1 emphasize empathy, trust, and user-centered design. ELI simulates 
cognitive empathy, including psychotherapeutic dialogue (R14; expert workshop), fos-
tering therapeutic relationships (Rubin et al. 2024). While human-like cues can increase 
trust (Park et al. 2024), overly anthropomorphic designs may reduce usability (Golubo-
vić et al. 2024; Thunström et al. 2024) or lead to a feeling of uncanniness when agents 
become too human-like (Ahmad et al. 2022; Kim et al. 2019). Thus, ELI prioritizes 
functional aesthetic consistency, non-stigmatizing, and intuitive interfaces over anthro-
pomorphic features; minimal human-like cues may be used only if functionally justified 
(this aligns with the feedback from the focus groups in the second evaluation). 

MR2 and DO2 address dynamic adaptability to create personalized and engaging 
therapeutic experiences that enhance well-being. Adaptive conversational styles can 
improve user engagement and effectiveness (Lee et al. 2024; Ahmad et al. 2022). Im-
mersive environments (e.g., Virtual Reality (VR) or Augmented Reality (AR)) can en-
hance therapy immersion, creating more compelling and adaptive therapeutic experi-
ences (Cerasa et al. 2022). 

MR3, MR6, and DO3 concern ethical standards, crisis intervention, and AI trans-
parency, ensuring that ELI’s limitations are delineated. ELI functions as a supportive 
tool rather than a replacement for therapists, ensuring ethical responsibility (Khawaja 

https://s.academiccloud.de/Hqsf2X


& Bélisle-Pipon 2023). Crisis mechanisms must facilitate human intervention when 
necessary (Omarov et al. 2023; Heston 2023). Continuous quality assurance is essential 
(R15; expert workshop). 

MR4 and DO4 support seamless integration and collaboration. ELI shall be de-
signed to seamlessly integrate into existing workflows, support human therapists, or 
incorporate features like mood tracking and wearable technology for real-time feedback 
(Desage et al. 2024; Ahmed et al. 2023). 

MR5 and DO5 highlight evidence-based algorithms and psychotherapeutic dia-
logue. Interventions must adhere to validated therapeutic methods, such as CBT, and 
ensure ongoing validation for reliability (Martinengo et al. 2022; Sadeh-Sharvit et al. 
2023). CBT provides strategies targeting multiple well-being dimensions (e.g., positive 
affect, resilience, personal growth, and self-realization). 

MR7 and DO6 focus on accessibility and real-time support. LLM integration sup-
ports natural language interactions, enhancing the adaptability and accessibility of ELI 
to enhance well-being in everyday contexts (Guo et al. 2024; Caceres Najarro et al. 
2023); also relevant for all MRs and DOs above. 

 

 
 

Figure 2. Requirements, Meta-Requirements, and Design Objectives for ELI 

5 Development of ELI: Instantiating Design Objectives in a 
Simulated Prototype 

To fulfill DO1, ELI is designed as an animated bubble, driven by Babylon.js1, avoiding 
inconsistent anthropomorphic cues. Instead, minimal human-likeness is conveyed 

 
1 https://www.babylonjs.com/, last accessed on 21.02.2025.  
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through speech-to-speech interaction and empathic language. Speech-to-speech en-
hances engagement, while Python-based models (“Hugging Face”2) and Llama’s3 con-
versational capabilities ensure nuanced responses. A calming color and voice scheme 
fosters user comfort. Dynamic emotional adaptation was not considered in the revised 
simulated prototype, as experts noted in the focus groups (third evaluation) that it poses 
challenges, as it might not always align perfectly with the user’s emotional state, po-
tentially causing confusion or discomfort, particularly significant for vulnerable users. 
ELI’s non-intrusive design prevents overstimulation, balancing empathy and function-
ality without overwhelming the user. This resulted in the visual representation of ELI 
(Figure 3). The name ELI was chosen as a friendly and human-like name. 

 

Figure 3. Interaction with ELI (left); Screenshot of ELI during interaction (right) 
 

DO2 was instantiated via adaptive design. Focus groups in the third evaluation 
highlighted user engagement through customizable environments (e.g., forest, ocean). 
AR via WebXR4 and Babylon.js was chosen as it provides immersive 360-degree set-
tings for a deeper sense of presence and a certain degree of immersion. Further feasi-
bility options will be evaluated during the summative evaluation. The initial simulated 
prototype was developed in German to match the language of the evaluation partici-
pants. 

For DO3, ELI includes features such as hotline support, emergency detection, and 
explainable AI to clarify limitations. User feedback informs quality assurance, with 
anonymous metadata collected for hyperparameter optimization (Ouyang et al. 2022). 
Crisis response mechanisms ensure transparency and security, demonstrated in the sim-
ulated prototype and planned for rule-based integration in the working prototype. 

DO4 supports encrypted session exports for therapists and collaboration options. 
Future iterations may connect users to self-help groups. ELI is designed as part of a 
broader therapeutic ecosystem, whose feasibility options will be evaluated in the sum-
mative evaluation. 

DO5 ensures evidence-based support. CBT scripts dynamically adjust to user input. 
Future iterations will employ “Retrieval-Augmented Generation” (RAG), verified re-
sponse grounding, and improved reliability. Leveraging Llama’s conversational 
strengths, ELI maintains structured yet adaptive support. 

 
2 https://huggingface.co/, last accessed on 10.02.2025. 
3 https://www.llama.com/, last accessed on 21.02.2025. 
4 https://immersiveweb.dev/, last accessed on 19.02.2025. 



For DO6, ELI provides continuous support via smartphones due to their easy ac-
cessibility and wide reach (Amo & Lieder 2025). The feasibility of more specific de-
vices will be assessed through feedback collected during the summative evaluation. 

6 Evaluation 

The final sample of the summative evaluation consisted of 18 experts: two identified as 
male, 15 as female, and one did not specify. Participants’ ages ranged from 18 to 29 (n 
= 5), 30 to 39 (n = 11), and 40 to 49 (n = 2). Their psychological professions included 
clinical psychology and psychotherapy (n = 9), work, organizational and business psy-
chology (n = 6), legal psychology (n =1), educational psychology (n = 1), research 
psychology (n = 1), neuropsychology (n = 1) and other, specified as “prevention (men-
tal health) in organizations” (n = 1). Some were active in several areas (n = 2). Their 
work experience ranged from less than one year (n = 2), one to two years (n = 3), three 
to five (n = 7), six to 10 (n = 5), and 11 to 15 years (n = 1).  

To address the research question, we first quantitatively surveyed the fulfillment of 
the derived DOs using descriptive statistics. Empathy, trust, and attractiveness (DO1) 
were measured using the scales by Charrier et al. (2019), Borsci et al. (2022), and Kem-
per et al. (2012), while perceived usefulness was assessed by Davis et al. (1989). An 
open-ended question further explored expert perspectives on ELI’s visual design. Per-
sonalized therapeutic interventions (DO2) were evaluated using the “recognition and 
facilitation of users’ goal and intent” subscale (Borsci et al. 2022), along with qualita-
tive feedback on the feasibility of implementing immersive technology. Ethical stand-
ards and crisis mechanisms (DO3) were assessed using the “users’ privacy and secu-
rity” subscale (Borsci et al. 2022). Integration (DO4) was examined via experts’ agree-
ment towards the current feasibility option of therapist protocol forwarding, comple-
mented by a question concerning the feasibility of peer-to-peer support. Evidence-
based algorithms (DO5) were evaluated with the “psychotherapeutic competencies 
(CBT-based)” scale (Weck et al. 2010), ensuring validated therapeutic approaches. Fi-
nally, dependable support and accessibility (DO6) were measured using the “accessi-
bility” subscale (Borsci et al. 2022), complemented by a question regarding device pref-
erences. Finally, we asked about overall impression, recommendation likelihood, and 
potential target groups. 

The average fulfillment is shown in Figure 4. Experts rated their responses on a 
five-point Likert scale (“1 – strongly disagree” to “5 = strongly agree”). On average, 
they agreed with the measured DOs: Empathy scored highest at 4.32 (SD = 0.62), fol-
lowed by accessibility at 4.39 (SD = 0.73), recognition and facilitation of users’ goal 
and intent at 4.11 (SD = 0.66), psychotherapeutic competencies (CBT-based) at 4.03 
(SD = 0.65), perceived usefulness at 4.02 (SD = 0.74), and user privacy/security at 4.02 
(SD = 0.76). Lower agreement was found for conversational credibility at 3.74 (SD = 
0.71), integration feasibility of protocol forwarding at 3.44 (SD = 0.86), and attractive-
ness at 3.39 (SD = 1.09). 



 
 

Figure 4. Average fulfillment with the evaluated constructs 
 

Experts provided insights for refining the DOs. For attractiveness (DO1), they sug-
gested improvements in visual design, including customizable avatars (n = 1), a calmer 
background (n = 1), and a color change for ELI (n = 1). Regarding recognition and 
facilitation of users’ goal and intent (DO2), experts assessed immersive technology op-
tions: 28% (n = 11) supported AR, while an equal proportion preferred no immersive 
technology. Additionally, 23% (n = 9) favored VR (e.g., VR glasses), and 21% (n = 8) 
suggested using a virtual environment as a screen background. For further integration 
(DO4), peer-to-peer support received higher agreement (M = 3.89, SD = 0.76) than the 
current integration option. Regarding accessibility (DO6), smartphones were the pre-
ferred device (n = 17), though one expert recommended multi-device access (n = 1). 
When identifying target groups for ELI, 25% (n = 12) suggested adults, followed by 
employees (21%, n = 10), young people (17%, n = 8), and individuals with specific 
needs (13%, n = 6). Another 13% (n = 6) recommended general use, while older adults 
(6%, n = 3) and niche groups (6%, n = 3) were mentioned less frequently. These niche 
groups included “persons with specific problems but no serious mental illnesses” (n = 
1), “persons with sufficient reflective skills” (n = 1), and “people with social anxiety” 
(n = 1). Overall, experts rated ELI positively on a scale from “1 – negative” to “5 – 
positive” (M = 4.17, SD = 0.62). However, when asked if they would recommend ELI 
to patients, experts were more cautious. The willingness to recommend had an average 
rating of 3.56 (SD = 0.62), from “1 – strongly disagree” to “5 – strongly agree”. 

Second, a qualitative analysis of expert responses identified strengths and areas for 
further development regarding ELI. Open-ended answers were categorized into two 
clusters, with two codes representing positive aspects and three addressing potential 
improvements. 

Cluster 1 addresses the strengths and positive aspects of ELI. Participants frequently 
highlighted ELI’s usability and accessibility as significant strengths (Cluster 1.1; n = 
6). Experts valued the intuitive, speech-based interaction and immediate feedback, fea-
tures often lacking in traditional therapy. ELI was perceived as user-friendly, always 
available, and easily accessible, allowing users to seek support anonymously and with-
out waiting times. Experts generally agreed that ELI is most beneficial for addressing 
less severe psychological issues. Additionally, ELI’s psychological and therapeutic 
support was positively evaluated (Cluster 1.2; n = 5). Respondents noted that ELI 
demonstrates empathic listening skills, fostering an environment in which users feel 
genuinely understood. The ability to offer concrete, tailored problem-solving strategies 
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for mild psychological issues was praised. Several experts viewed ELI as a valuable 
complement to traditional therapy, providing personalized support between profes-
sional sessions. 

Cluster 2 addresses areas for improvement of ELI. One frequently mentioned con-
cern was related to data privacy (Cluster 2.1; n = 4). Experts emphasized the necessity 
for greater transparency regarding how user data, particularly sensitive mental health 
information, is handled and protected. Clearer communication of data security 
measures was strongly recommended to enhance user trust. Another significant area 
identified for development was crisis handling capabilities (Cluster 2.2; n = 5). Re-
spondents recommended that ELI include features for detecting and addressing acute 
psychological crises, such as suicidal ideation. Incorporating additional therapeutic ap-
proaches, particularly systemic therapy, was suggested to enable a more comprehensive 
psychological intervention. Experts further advised that ELI should recognize and in-
tegrate users’ pre-existing conditions, thereby providing more targeted recommenda-
tions. Finally, some experts commented on the conversational interactivity of ELI 
(Cluster 2.3; n = 2). Although the speech-based interaction was appreciated for its nat-
uralness, improving the balance between user input and system responses was recom-
mended. Adjusting this balance could enhance the dynamic nature of dialogues, making 
interactions feel more engaging and responsive.  

In summary, experts positively evaluated ELI’s accessibility and psychological 
support but identified essential areas for improvement, particularly concerning data pri-
vacy, crisis response capabilities, therapeutic comprehensiveness, and conversational 
interaction quality. 

7 Discussion and Outlook 

This study presents the initial design and evaluation of ELI, an AI-based therapeutic 
assistant, using a DSR approach. It contributes (1) six systematically derived DOs in-
formed by an integrative well-being perspective and expert input; (2) a simulated pro-
totype instantiating these DOs; and (3) empirical insights from an initial evaluation, 
laying the groundwork for future research. This study contributes to research by 
providing a structured, evidence-based design framework that links design require-
ments, abstract goals (MRs), and instantiable system behaviors (DOs), enhancing de-
sign traceability and addressing fragmentation in existing literature. Unlike approaches 
focused solely on psychological theory or technical development, our work integrates 
knowledge from psychology, information systems, and human-computer interaction, 
fostering interdisciplinary knowledge transfer (Cho et al. 2023). By incorporating mul-
tidimensional perspectives on well-being at the design requirement level, we extend 
design knowledge for AI-based therapeutic assistants beyond condition-specific inter-
ventions. ELI promotes everyday well-being through real-time, low-threshold interven-
tions grounded in evidence-based strategies, offering practical guidance. 

Evaluation findings indicate that ELI provides empathic feedback, simulating ther-
apeutic aspects while ensuring accessible support. Experts generally supported the pro-
posed DOs and evaluated ELI positively (M = 4.17; SD = 0.62), particularly for its 



empathic response capability (M = 4.32; SD = 0.62). However, lower ratings for con-
versational credibility (M = 3.74; SD = 0.71) and recommendation likelihood (M = 3.56; 
SD = 0.62) highlight areas for improvement. Smartphones were the preferred device, 
while VR-based implementation emerged as a feasible option, particularly targeting 
adults, employees, and young people. Experts emphasized ELI’s accessibility, user-
friendly design, and immediate availability as key strengths, alongside its ability to de-
liver tailored, low-threshold, and anonymous support. Nonetheless, concerns were 
raised regarding data privacy, underscoring the need for enhanced transparency and 
robust crisis intervention mechanisms. Experts also recommended integrating addi-
tional therapeutic frameworks (e.g., systemic therapy), refining interaction flow, and 
expanding customization options for ELI’s visual design. 

Several limitations should be acknowledged. The small, specialized expert sample 
limits generalizability, and perspectives from end-users remain unexplored. Thus, re-
sults are exploratory and require broader validation to ensure generalizability and mit-
igate selection bias.  

The next DSR cycle will focus on (1) implementing a working prototype, (2) 
strengthening crisis response and privacy safeguards, (3) refining personalization and 
interaction quality, and (4) exploring peer support features. VR implementations and 
workplace scenarios will also be examined based on expert feedback. To deepen theo-
retical grounding, kernel theory (Möller et al. 2022) may be used to link design ele-
ments to well-being outcomes. Future evaluations may apply inferential statistics and 
validated well-being scales to evaluate the robustness of the DOs across user groups 
and systematically assess their impact on enhancing well-being. Broader evaluations 
with end-users are planned to ensure therapeutic relevance and empirical validation. 
Through iterative refinement, this research aims to establish a validated AI-based ther-
apeutic assistant that complements therapy while meeting ethical and technical stand-
ards. 

8 Conclusion 

This contribution outlines our initial efforts in an ongoing DSR project to develop ELI, 
an AI-based therapeutic assistant to enhance well-being. Grounded in interdisciplinary 
research and practical expertise in the field of psychology, we derived seven MRs and 
six DOs. Since the derivation process from MRs to DOs was based on the researchers’ 
perspective, the next step was to evaluate the DOs in focus groups (“Evaluation 2” in 
the DSR process depicted in Figure 1), leading to only minor adjustments. Based on 
this, a simulated prototype was presented and subsequently evaluated by these experts, 
again, in focus groups (“Evaluation 3”), which led to a few refinements and to the final 
simulated prototype that was ready for the “Evaluation 4”, the summative evaluation. 
From this, we derive findings that provide a basis for creating shared meanings of ELI 
as well as a basis for implementing a working prototype. As this project aims to pro-
gress through DSR, the findings presented in this study serve as an initial foundation 
for designing AI-based therapeutic assistants to enhance well-being, as well as a start-
ing point for the future development and evaluation of ELI. 
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